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Retrieval-augmented Decoding for

Improving Truthfulness in Open-ended Generation
Manh Nguyen, Sunil Gupta, Hung Le

: Core idea: Motivated by RAG, our method mitigates hallucination at decoding time through \
. chunk-level retrieval and thresholding. )
Abstract

_ Greedy

e SFT/RLHF are resource-intensive, while
prompting or RAG offer limited decoding
control and robustness.

e We introduce Retrieval-Augmented Decoding
(RAD), which uses ~10 examples to retrieve

Q: What cryptid was shown by scientists
to be completely real?
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_ . 9: Combine model and aggregated logits:
Context chunking (more references, x30 than prompting) and

thresholding (better contexts) help improve general
decoding, OOD performance and data efficiency
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Greedy decoding: x; = arg max (lfginal [2])
Return z;
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